








Figure C.2: Effect of Ul Eligibility on Earnings by Gender

(a) Men

(b) Women

Note: Graphs illustrates effect of Ul eligibility on earnings, reporting traditional RDD graphs with eligibility
hours as the running variable and earnings in the eight post-job loss quarters as the dependent variable.
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Figure C.3: Effect of Ul Eligibility on Hourly Wage by Gender
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Note: Graphs illustrates the effect of Ul eligibility on hourly wages, reporting traditional RDD graphs with
eligibility hours as the running variable and hourly wage in the eight post-job loss quarters as the depen-
dent variable.
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Figure C.4: UI Receipt Rate (First Stage) by Age
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Note: These figures present the share of job losses that result in Ul receipt according to Ul eligibility hours,
splitting the demographic subsample by age.
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Figure C.5: Effect of UI Receipt on Earnings by Age Group
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Note: Graphs illustrates effect of Ul eligibility on total earnings, reporting traditional RDD graphs with
eligibility hours as the running variable and earnings in the eight post-job loss quarters as the dependent
variable.
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Figure C.6: Effect of UI Receipt on Hourly Wage by Age Group
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Note: Graphs illustrates effect of Ul eligibility on hourly wages, reporting traditional RDD graphs with eli-
gibility hours as the running variable and hourly wage in the eight post-job loss quarters as the dependent
variable.
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D Public Employment Offices

Figure D.1: Map of Washington Counties and Twelve WorkSource Service Regions
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Note: This map displays the twelve WorkSource service regions defined by the Washington State ESD,
which coordinate the provision of re-employment services across counties. Each color represents a distinct
service region served by a network of WorkSource offices.



Table D.1: WorkSource Offices Information

WorkSource Name County ZIP Open Walk In
Clarkston Connection Asotin 99403 v v
Columbia Basin Benton 99336 VvV v
Vancouver Clark 98660 Vv v
Cowlitz/Wahkiakum Cowlitz 98626 vV v
Clallam County Clallam 98382 Vv v
Wenatchee Valley Douglas 98802 Vv v
Republic Ferry 99166 Vv

Central Basin Grant 98837 Vv v
Grays Harbor County Grays Harbor 98520

Island Island 98277 Vv v
Auburn King 98002 Vv v
Downtown Seattle King 98121 Vv v
North Seattle King 98103 Vv

Rainier King 98144 Vv v
South Seattle King 98106 Vv v
Kitsap County Kitsap 98383 Vv v
Ellensburg Kittitas 98926 Vv v
Goldendale Klickitat 98620 vV v
White Salmon Klickitat 98672 Vv v
Lewis County Lewis 98531 Vv v
Mason County Mason 98584 Vv v
Okanogan Okanogan 98841 Vv v
Newport Pend Oreille 99156 v

Long Beach Pacific 98631 vV v
Pierce Pierce 98405 vV v
Pierce at South Hill Mall Pierce 98373 Vv v
Skagit Skagit 98273 Vv v
Stevenson Skamania 98648

Spokane Spokane 99202 v v
Next Generation Zone  Spokane 99202 v v
Everett Snohomish 98201 v v
Colville Stevens 99114 Vv
Thurston County Thurston 98512 v v
Pullman Whitman 99163 vV
Whatcom Whatcom 98225 Vv v
Union Gap Yakima 98903 Vv v
Valley Mall Yakima 98903 Vv v
Sunnyside Yakima 98944 v v
Walla Walla Walla Walla 99362 v v

Note: This table lists all WorkSource offices in Washington State, indicating their county, ZIP code, whether
they are open, and whether walk-in services were available as of March 2025.
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Table D.2: Ul Eligibility Estimates on Labor Market Outcomes by WorkSource Proximity

Percent
Constant LATE Increase p-value

Panel A. Distance Threshold: 3 Miles
Earnings
Close to WorkSource (< 3 miles) 31,558 34,836  110% 0.26
Far from WorkSource (> 3 miles) 34,090 19,296 57% 0.25

Hours
Close to WorkSource (< 3 miles) 1,679 550 33% 0.61
Far from WorkSource (> 3 miles) 1,719 578 34% 0.30

Hourly Wage
Close to WorkSource (< 3 miles) 18.13 6.69 37% 0.47
Far from WorkSource (> 3 miles) 18.83 7.80 41% 0.12

Panel B. Distance Threshold: 5 Miles
Earnings
Close to WorkSource (< 5 miles) 32,315 51,033  158% 0.11
Far from WorkSource (> 5 miles) 34,160 12,830 38% 0.44

Hours
Close to WorkSource (< 5 miles) 1,688 1,102 65% 0.31
Far from WorkSource (> 5 miles) 1,721 389 23% 0.48

Hourly Wage
Close to WorkSource (< 5 miles) 18.44 9.99 54% 0.30
Far from WorkSource (> 5 miles) 18.86 6.93 37% 0.16

Note: Table columns show regression discontinuity constant to the left of the threshold, the LATE (intent-to-
treat coefficient of interest scaled by first-stage estimate), percentage effect (i.e. 100x (column 3)/(column
2)), and the p-value of the intent-to-treat coefficient of interest. Sample is split by whether a worker is close
to or far from a WorkSource office with walk-in services according to the ZIP code of their home address
(using matched demographic subsample).
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Table D.3: UI Eligibility Estimates on Labor Market Outcomes by WorkSource Proximity
(Any Open)

Percent
Constant LATE Increase p-value

Panel A. Earnings
Close to WorkSource (< 4 miles) 32,741 63,342  193% 0.06
Far from WorkSource (> 4 miles) 33,908 10,453 31% 0.52

Panel B. Hours
Close to WorkSource (< 4 miles) 1,688 1,006 60% 0.39
Far from WorkSource (> 4 miles) 1,720 441 26% 0.42

Panel C. Hourly Wage
Close to WorkSource (< 4 miles) 18.64 13.64 73% 0.19
Far from WorkSource (> 4 miles) 18.70 6.01 32% 0.20

Note: Table columns show regression discontinuity constant to the left of the threshold, the LATE (intent-to-
treat coefficient of interest scaled by first-stage estimate), percentage effect (i.e. 100x(column 3)/(column
2)), and the p-value of the intent-to-treat coefficient of interest. Sample is split by whether a worker is close
to or far from an open WorkSource office according to the ZIP code of their home address (using matched
demographic subsample).

96



Figure D.2: UI Receipt Rate (First Stage) by Distance to WorkSource Office
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Note: These figures present the share of job losses that result in Ul receipt according to Ul eligibility hours,
splitting the demographic subsample into which are close to or far from the closest WorkSource office that
had walk-in services as of March 2025.
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Figure D.3: RDD for Cumulative Hours Worked, ¢ to t + 8 by Distance to WorkSource
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Note: Figures plot the cumulative hours worked from the quarter of job loss in t through t 4+ 8 (excluding
hours from their layoff employer in t), splitting the demographic subsample by those who are close to or far
from the closest WorkSource office that had walk-in services as of March 2025. Second degree polynomials
are fitted separately on each side of the threshold.
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Figure D.4: RDD for Hourly Wage, t to t + 8 by Distance to WorkSource
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Note: Figures plot the hourly wage following job loss through t + 8 (for quarters in which hours are non-
zero), splitting the demographic subsample by those who are close to or far from the closest WorkSource
office that had walk-in services as of March 2025. Second degree polynomials are fitted separately on each
side of the threshold.
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E Issues with an Application-based Approach

This section identifies the issues with an alternative approach where, instead of using a
sample of workers who recently experienced job loss, we use a sample of workers who
applied for Ul benefits. This application-based approach could potentially improve the
relevance of the eligibility threshold, leading to a much larger first-stage effect on benefit
receipt as well as more precise causal estimates. However, we ultimately find evidence of
selection into the sample UI applicants that could bias estimates. We conclude that using
a sample of job losses is necessary to estimate valid causal effects in our context.

As outlined in Section 2, this paper constructs a sample of workers who recently expe-
rienced job loss. Ultimately, we find a strong effect of the eligibility threshold on benefit
receipt in our job loss sample with an F-statistic of 2,299. However, the size of the first-
stage effect is small in absolute terms, as becoming eligible leads to an increase in benefit
receipt of 3.25 percentage points. This is unsurprising given benefit receipt is relatively
low in our job loss sample, as workers just above the eligibility threshold receive benefits
less than 10 percent of the time. Still, a small first-stage effect limits the precision of our
LATE estimates. Therefore, we explored alternative ways to construct a sample where the
eligibility threshold is relevant and strongly affects benefit receipt.

We considered an application-based approach, as utilized by Leung and O’Leary (2020).
In constructing the applications sample, we assume a job loss occurs in the quarter when
a worker submits their application for UI benefits. Using quarterly employment data and
records of Ul payments, we can then calculate their eligibility hours, determine whether
they received benefits, and measure labor market outcomes. As shown in Figure E.1, the
application-based approach would increase the size and strength of the first-stage effect,
as we find a 37.4 percentage point increase in Ul receipt at the threshold with an F-statistic
of 7,335. These results are promising, but further investigation reveals several issues.

A valid regression discontinuity design requires that, aside from their eligibility for
benefits, no other factors cause a discontinuous change in the sample at the threshold.
Unfortunately, we find evidence that threatens identification. First, there is bunching in
applications just above the threshold. As shown in Figure E.2, the sample using applica-
tions fails the McCrary test, with a 25 percent increase in density at the threshold.?” Sec-
ond, there are discontinuities in observable characteristics at the threshold. For example,
as shown in Figure E.3, workers above the eligibility threshold worked significantly fewer
hours in the quarter prior to submitting their application. Both the bunching and the dis-
continuous change in observable characteristics create concern that applicants around the
threshold are not comparable.

We explore these issues further using our sample of job losses. First, the bunching
seems to be driven by workers above the threshold being more likely to apply for Ul
benefits.?® As shown previously in Figure 4b, becoming monetarily eligible leads to an
increase of 1.6 percentage points or 12 percent in the application rate. Given there is no

Y Interestingly, Leung and O’Leary (2020) does not find evidence of bunching above the eligibility thresh-
old in their context.

ZConversely, at least some workers are discouraged from applying because they do not meet the mone-
tary eligibility requirement.
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bunching in the sample of job losses (Figure 2), the increase in applications directly trans-
lates to bunching in the density of applicants. If workers who apply only when eligible
differ systematically from those who apply regardless, then there will be a discontinuous
change in the sample of applicants at the threshold that could bias our estimates.

Second, the differences in employment history may be driven by the timing of a
worker’s application. As shown in Figure E.4, workers just below the eligibility threshold
are more likely to submit their application and receive benefits in the next quarter after
job loss. Essentially, workers who are just short of eligibility in the quarter of job loss may
delay their application until the eligibility period shifts in the following quarter, assum-
ing they still have not found re-employment. This strategic timing could contribute to
the bunching in the density of applicants above the threshold. Additionally, if applicants
just above the threshold actually lost their jobs much earlier and delayed their claim, this
could explain the differences in employment history discussed earlier and shown in Fig-
ure E.3. If re-employment outcomes differ for workers who delayed their application,
then this may introduce bias into our estimates when using the sample of applicants.

Clearly, bunching above the eligibility threshold and the strategic timing of applica-
tions create serious concerns about identification using an application-based approach.?’
Fortunately, neither of these are issues when using the sample of job losses as we do in
our main analysis.

Figure E.1: UI Receipt Rate by Eligibility Hours in Applications Sample

0.7 ! I
I I
| 1
| I
| I
0.6 | I
| I
| I
| I
L 054 : :
] I |
- | |
o | |
3 | I
Q04 i i
o | I
> I I
0.3 : Effect: 37.40 p.p. (0.718) :
: Value at Cutoff: 0.239 :
Lo e ° F-stat: 7,335 |
0.21 o, -, 0 Py |
| L

-200 -100 0 100 200

Eligibility Hours - Threshold

Note: This figure plots Ul receipt rate according to eligibility hours for the sample of UI applicants.

Ylnterestingly, the results from the application-based approach are also qualitatively different than those
in our main analysis. Ignoring the significant difference in hours worked in the quarter before applying,
the LATE estimates would suggest that Ul receipt decreases labor supply in the quarter of job loss and the
following quarter before leading to a marginally significant increase in hours worked for five quarters.
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Figure E.2: Distribution of Eligibility Hours for UI Applicants
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(b) McCrary Test for UI Applicants

Note: These figures present the distribution of eligibility hours worked by those in the sample of UI ap-
plicants local to the threshold in Washington State occurring between 2011Q3 and 2019Q1. The red line
denotes the 680 hour eligibility threshold. A worker’s eligibility hours measure is the higher sum of hours
worked in either the previous four quarters or the four quarters preceding last quarter. Panel (a) represents
the distribution of eligibility hours local to the 680-hour threshold, while panel (b) removes multiples of 40
from panel (a) and conducts a McCrary test for a discontinuity in density at 680 hours. Bins are one hour in
width to illustrate instances of heaping in panel (a), while such heaping is removed from panel (b).
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Figure E.3: Hours Worked in Quarter before UI Application
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Note: This figure plots the hours worked in the quarter before job loss according to eligibility hours. Job loss
is assumed to be in the same quarter as the worker applies for UI benefits. This analysis uses the sample of
Ul applicants.
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Figure E.4: Reduced-form Effect on Delayed Benefit Receipt and Application
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Note: Panel (a) plots the share of job losses where the worker receives delayed Ul benefits, while panel
(b) plots the share of job losses where the worker delays their application for UI benefits. Delayed benefit
receipt is defined as receiving benefit payments to a account opened in the quarter after the job loss. Delayed
application is defined as submitting an initial claim in the quarter after the job loss. This analysis uses the
sample of job losses.
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F Two-Dimensional Regression Discontinuity

In this section, we consider an alternative approach—the two-dimensional regression
discontinuity—to exploit the requirement that workers accumulate 680 hours worked in
their base period by separately considering the base year and alternate base year. We find
this approach yields similar results, although standard errors are larger as this approach
estimates effects using two smaller samples. Ultimately, this affirms the robustness of our
results to an alternative identification strategy as well as the decision to collapse these
two discontinuities into one discontinuity in our main analysis.

In our main analysis, we measure “eligibility hours" for each worker as the greater
of their hours worked during the base year or their hours worked during the alternate
base year.>? Workers with eligibility hours greater than 680 are monetarily eligible, while
workers below this threshold are not eligible for benefits. Figure F.1 captures the basic
intuition for the regression discontinuity.

Alternatively, we could separately exploit the 680-hour threshold using a worker’s
base year and a worker’s alternate base year. This approach separates “eligibility hours"
into base year hours and alternate base year hours, and then analyzes the two distinct
eligibility thresholds. Figure F.2 outlines the logic for this two-dimensional regression
discontinuity. Essentially, the base year discontinuity compares workers whose hours
worked in their base year put them just above or below the 680-hour threshold, condi-
tional on not being eligible in their alternate base year.>! The potential advantage is that
this approach may yield a better comparison and thus more accurate estimates. Addi-
tionally, we may be able to determine whether the effects of UI receipt are different for
these two distinct eligibility thresholds.

Ultimately, we find results consistent with our main analysis, although standard er-
rors are larger as this two-dimensional approach creates two smaller samples. Figure E.3
shows a similar increase in benefit receipt at both eligibility thresholds-3.11 percentage
points for the base year discontinuity and 3.32 percentage points for the alternate base
year discontinuity. Figure F.4 plots the LATE estimate on quarterly hours and earnings
from our main analysis, the base year discontinuity, and the alternate base year discon-
tinuity. The effects are not significantly different. The increase in hours worked and
earnings seems more persistent in the base year discontinuity, although these estimates
use a smaller sample and have larger standard errors. Table F.1 presents the reduced-form
effect on benefit receipt as well as the LATE estimates on cumulative hours worked and
cumulative earnings. Consistent with Figure F.4, we find larger, although noisier, effects
on these cumulative measures from the base year discontinuity.

Overall, this two-dimensional approach does not seem to improve the accuracy of our
estimates or allow us to detect any heterogeneity in the effects on different workers. Still,
the consistency of results provides more evidence of the robustness of our estimates.

30Recall that Figure 1 illustrates how base year and alternate base year are defined.

31Conversely, the alternate base year discontinuity compares workers whose hours worked in their al-
ternate base year put them just above or below the 680-hour threshold, conditional on not being eligible in
their base year.
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Table F.1: Comparing Estimates from Two-Dimensional RD

Two-Dimensional RD

Baseline
Base Year Alternate BY
First-stage on UI Receipt
Reduced-form Effect 3.25p.p. 3.11 p.p. 3.32p.p.
(0.206) (0.357) (0.251)
Value below threshold 0.061 0.043 0.067
Cumulative Hours Worked
LATE Estimate 603 1,152 472
(289) (561) (338)
Value below threshold 1,638 1,408 1,718
Cumulative Earnings
LATE Estimate 14,868 32,661 7,334
(6,671) (12,955) (7,850)
Value below threshold 29,647 26,052 30,996
Number of Observations 616,989 171,097 451,759

Note: This table reports the reduced-form effect of becoming eligible on Ul receipt as well as the LATE
estimate of Ul receipt on cumulative hours worked and earnings. Estimates are reported using the discon-
tinuity in our main analysis, the base year discontinuity, and the alternate base year discontinuity. Standard
errors are reported in parentheses.

Figure F.1: Eligibility Discontinuity in One-Dimensional RD
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Note: Figure represents conceptual discontinuity in eligibility hours measure, which is the the greater of
their hours worked during the base year or their hours worked during the alternate base year.
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Figure F.2: Eligibility Discontinuities in Two-Dimensional RD
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Note: Each panel isolates one of two eligibility thresholds — base year (top) and alternate base year (bottom)
— plotted in blue dashes, by comparing workers just above and below 680 hours in one year, conditional
on ineligibility in the other. Gray-shaded regions are excluded because they include workers eligible under
both or the other definition.
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Figure F.3: Reduced-Form Effect on Benefit Receipt in Two-Dimensional RD
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(b) Alternate BY Discontinuity

Note: This figure plots the share of job losses where the worker receives Ul benefits by their hours worked.
Panel (a) uses the base year discontinuity while panel (b) uses the alternate base year discontinuity.
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Figure F.4: LATE on Quarterly Hours and Earnings in Two-Dimensional RD
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(b) LATE on Earnings by Quarter

Note: This figure plots the LATE estimate of Ul receipt on quarterly hours worked and earnings using the
discontinuity in our main analysis, the base year discontinuity, and the alternate base year discontinuity.
Error bars represent 95 percent confidence intervals. Panel (a) plots effects on hours worked while panel
(b) plots the effect on earnings.
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G External Validity and Policy Implications

This appendix section explores the external validity of this paper’s findings to other
states” monetary eligibility thresholds. In all states besides Washington, eligibility for
Ul benefits requires a sufficient amount of earnings in the base period rather than a num-
ber of hours worked. While this makes our findings from Washington somewhat more
difficult to extrapolate to other states, our goal is to understand where Washington’s 680-
hour cutoff lies in the distribution of monetary eligibility standards and to identify which
states have similar effective thresholds. This helps guide where policy recommendations
based on our findings may be most applicable.

Methodology

To enable meaningful comparisons, we calculate the number of hours a minimum wage
worker in each state would need to work in order to meet that state’s earnings-based
eligibility threshold in 2023, the most recent year for which we have data.>? Because
lowering the monetary eligibility threshold would most likely expand eligibility for low-
wage workers, our external validity exercise focuses on minimum wage workers.

This approach provides an upper bound on the number of hours required to qualify,
since workers earning more than the minimum wage would meet monetary eligibility
thresholds with fewer hours. We also use statutory state minimum wages and do not
account for local jurisdictions that enforce higher minimums.

External validity: Washington is more stringent than other states

As listed in Table G.1, Washington’s 680-hour requirement is the most stringent threshold
in the country when other states” monetary eligibility thresholds are translated into hours
worked at the state minimum wage, although it is not an extreme outlier in the national
distribution. The average threshold across states is 307 hours, with a median of 319 hours,
less than half of Washington’s requirement. If all states had the same minimum wage
as Washington while keeping their monetary eligibility thresholds fixed in dollar terms,
Washington would appear even more stringent compared to other states.

However, under current eligibility rules and wage laws, eleven states come reasonably
close to Washington'’s threshold, as their hours to qualify at the minimum wage are within
six full-time weeks of Washington’s standard of 680 hours (i.e. 17 full-time weeks). They
include Utah, South Carolina, Arizona, Michigan, Kansas, Indiana, Wyoming, Ohio, Ne-
braska, Maine, and Kentucky. These states have Ul systems with eligibility requirements
similarly stringent to Washington’s because of high statutory base period wages needed
to qualify in all cases, and in some cases, low minimum wages (UT, SC, KS, IN, WY, KY).

External validity: Washington’s minimum WBA is more generous than other states

Another of our analysis” external validity relates to the generosity of the weekly benefit
amounts (WBAs) available to qualifying workers. Washington stands out in this regard,
offering the second-highest minimum WBA in the country (Table G.1). This pattern is

32We collect monetary eligibility information from the US Department of Labor ETA at this link: https:
//oui.doleta.gov/unemploy/pdf/uilawcompar/2023/monetary.pdf. Minimum wage data was down-
loaded from FRED.
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consistent with a broader national trend: states with more stringent monetary eligibility
criteria often provide more generous minimum benefits. Figure G.1 illustrates this re-
lationship, with each panel plotting a state’s minimum WBA against the stringency of
its eligibility standard. Panel (a) uses the statutory earnings threshold, while Panel (b)
translates thresholds into hours worked at the minimum wage. Washington’s relatively
generous Ul benefit floor may help explain the sizable impacts we observe on job qual-
ity: higher UI benefits can provide the liquidity necessary for workers to search for a
higher-paying job with more stable hours.

Among the aforementioned states with more stringent imputed hours thresholds to
qualify for UI, the most similar states to Washington in terms of sizable minimum weekly
benefit amounts are Utah ($446 per week), Arizona ($229), Kansas ($153), Ohio ($149), and
Maine ($108). Utah, in particular, closely mirrors Washington along both dimensions,
and may even yield larger effects on job quality given its high minimum WBA. While
benefit levels vary, the presence of a meaningful floor in each of these states suggests
that Ul receipt may similarly enable more selective job search among low-wage workers,
increasing the potential for stable, higher-paying re-employment.

Fiscal Considerations: Trust Funds and Taxes Among the 11 states for whom our re-
sults for the effect of Ul receipt on earnings and job quality are most likely to extrapolate
— the first eleven listed in Table G.1 after Washington — it is also important for policy-
makers to consider each state’s fiscal readiness to support expanded eligibility, as well
as their capacity to recoup public spending through income tax revenues from higher
post-unemployment earnings.33

As shown in Table G.2, all eleven states we identify as most comparable to Washington
in terms of Ul stringency are currently in strong fiscal positions to expand Ul eligibility
to marginally attached workers. Each of these states is running a positive UI trust fund
balance per capita — a condition that does not hold in several larger states such as Cali-
fornia and New York. Particularly notable are Wyoming, Maine, and Kansas, whose per
capita Ul reserves exceed that of Washington. These states are in especially sound fis-
cal condition, providing policymakers with the opportunity to expand UI access without
immediate pressure to raise employer payroll taxes or cut other benefits.

In addition to strong UI fund balances, all states in Table G.2, with the exception of
Wyoming, impose positive marginal income tax rates on low-income workers, making
them better positioned than Washington to recoup part of the fiscal cost of expanded Ul
access through increased income tax revenue. The table reports the marginal tax rate
on a single filer earning $30,000, a typical income level for marginal workers affected
by UI eligibility expansions. States such as Maine, South Carolina, Kansas, Nebraska,
Utah, Michigan, and Kentucky all levy marginal rates of at least 4% at this income level.
As a result, these states in particular stand to financially benefit from improved labor
market outcomes among marginal Ul recipients, as higher post-unemployment earnings
translate directly into increased state revenue.

33We collect information on the balance of state UI trust funds from the US Department of Labor ETA at
this link: https://oui.doleta.gov/unemploy/docs/trustFundSolvReport2024.pdf
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Summary of Extrapolation and Policy Implications

Based on both eligibility stringency and minimum UI generosity, our findings are most
likely to extrapolate to five states: Utah, Arizona, Kansas, Ohio, and Maine. These states
combine relatively high minimum work requirements for low-wage workers with siz-
able minimum weekly benefit amounts, suggesting institutional environments similar to
Washington’s along the key dimensions that shape the labor market effects of Ul receipt.

In terms of fiscal capacity, a broader set of states appear well-positioned to expand Ul
eligibility and benefits for marginally attached workers. Based on both a healthy UI trust
fund balance and the presence of a state income tax that allows for partial fiscal recovery
through increased earnings, the states best situated for reform include: Utah, South Car-
olina, Michigan, Arizona, Kansas, Indiana, Nebraska, and Maine. These states may be
particularly well-suited to consider policy changes that broaden UI access for low-wage
workers while maintaining long-term fiscal sustainability.
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Table G.1: Hours-Translated Ul Eligibility Thresholds by State, 2023

Base Period Wages  Minimum Ul Weekly  Minimum Hours to Qualify

State Needed to Qualify Benefit Amount (WBA) Wage at Min Wage
Washington - $342 $15.74 680.0
Utah $4,800 $446 $7.25 662.1
South Carolina $4,455 $42 $7.25 614.5
Arizona $8,103 $229 $13.85 585.1
Michigan $5,879 $81 $10.10 582.1
Kansas $4,200 $153 $7.25 579.3
Indiana $4,200 $50 $7.25 579.3
Wyoming $4,200 $45 $7.25 579.3
Ohio $5,220 $149 $10.10 516.8
Nebraska $4,891 $70 $10.50 465.8
Maine $6,216 $108 $13.80 450.4
Kentucky $3,230 $39 $7.25 445.5
Iowa $2,840 $90 $7.25 391.7
New Hampshire $2,800 $32 $7.25 386.2
North Dakota $2,795 $43 $7.25 385.5
Massachusetts $5,700 $98 $15.00 380.0
Pennsylvania $2,718 $68 $7.25 374.9
New Jersey $5,200 $99 $14.13 368.0
Texas $2,664 $74 $7.25 367.4
Rhode Island $4,600 $71 $13.00 353.8
Montana $3,337 $163 $9.95 335.4
Minnesota $3,500 $38 $10.59 330.5
New York $4,650 $136 $14.20 3275
Idaho $2,340 $72 $7.25 322.8
Alabama $2,314 $45 $7.25 319.2
Vermont $4,199 $72 $13.18 318.6
Florida $3,400 $32 $11.00 309.1
Georgia $2,200 $55 $7.25 303.4
Wisconsin $1,890 $54 $7.25 260.7
Arkansas $2,835 $81 $11.00 257.7
West Virginia $2,200 $24 $8.75 2514
Virginia $3,000 $60 $12.00 250.0
Alaska $2,500 $56 $10.85 230.4
Tennessee $1,560 $30 $7.25 215.2
Oklahoma $1,500 $16 $7.25 206.9
New Mexico $2,454 $86 $12.00 204.5
Missouri $2,250 $40 $12.00 187.5
Colorado $2,500 $25 $13.65 183.2
Louisiana $1,200 $35 $7.25 165.5
Mississippi $1,200 $30 $7.25 165.5
Maryland $1,800 $50 $13.25 135.8
Illinois $1,600 $51 $13.00 123.1
South Dakota $1,288 $28 $10.80 119.3
North Carolina $780 $15 $7.25 107.6
Oregon $1,000 $196 $13.50 74.1
California $1,125 $40 $15.50 72.6
Nevada $600 $16 $9.50 63.2
Delaware $720 $20 $11.75 61.3
Connecticut $600 $42 $14.00 429
Hawaii $130 $5 $12.00 10.8

Notes: Column (2) represents the minimum amount of earnings rrr d in the base period to be monetarily eligible. Column (5) equals
column (2) divided by column (4), excepting Washington. All valiies are from 2023 except column (3), minimum WBA, which is from
2024.



Table G.2: Fiscal Context for States with High UI Stringency and Generosity

Hours to Qualify UI Trust Fund State Income Tax Rate

State at Min Wage Balance (per capita) at $30,000 Income
Washington 680.0 $445.36 0.00%
Utah 662.1 $341.03 4.55%
South Carolina 614.5 $291.64 6.20%
Arizona 585.1 $212.34 2.50%
Michigan 582.1 $225.32 4.25%
Kansas 579.3 $496.64 5.58%
Indiana 579.3 $225.15 3.00%
Wyoming 579.3 $803.87 0.00%
Ohio 516.8 $142.91 2.75%
Nebraska 465.8 $268.38 5.01%
Maine 450.4 $501.05 6.75%
Kentucky 4455 $180.30 4.00%

Note: “Hours to Qualify at Min Wage” as calculated in Table G.1. UI trust fund balances are measured per
capita and reflect each state’s net reserves and population estimate as of 2024. State income tax rates reflect
marginal rates on wage income for a single filer earning $30,000 in 2025. Table only displays states whose
monetary eligibility conditions for minimum wage workers are similar to Washington’s.
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Figure G.1: Minimum Weekly Benefit and Monetary Eligibility Stringency by State
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(b) Minimum WBA vs. Imputed Hours to Ul Eligibility at Minimum Wage

Note: Figure shows scatterplots of each state’s minimum weekly benefit amount (WBA) from 2024 on the y-
axis and a measure of monetary eligibility stringency on the x-axis. Panel (a) presents the statutory amount
of earnings needed to qualify for UI and omits Washington. Panel (b) converts this amount to the number
of hours needed to work at the minimum wage in that state and includes Washington’s 680 hour rule.

114





